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Background: The rapid advancements in data-driven decision-making have revolutionized various industries, including 
the hospitality sector. Human Resource (HR) Analytics, a key component of this transformation, leverages data analysis 
to enhance workforce management, improve employee performance and drive strategic decision-making. However, the 
level of adoption of HR Analytics in the Indian hospitality industry remains an emerging and evolving concept. The 
hospitality industry, known for its dynamic and labour-intensive nature, heavily relies on effective human resource 
management. Challenges such as high employee turnover, skill shortages, job dissatisfaction and workforce mobility 
make HR Analytics an essential tool for improving efficiency and strategic workforce planning. Objectives: This study 
examines the key change factors influencing the adoption of Human Resource Analytics among Human Resource 
professionals in the Indian hospitality sector. It aims to analyse how individual perceptions, organizational culture 
and accessibility to HR technology impact the acceptance of HR Analytics. Methodology: A quantitative research 
design was adopted, data gathered through a structured questionnaire distributed via Google Forms. The study targeted 
HR professionals across various levels in the Indian hospitality industry, with a specific focus on metropolitan cities 
such as Delhi, Mumbai, Bangalore and Kolkata. A snowball sampling technique was used to reach participants. Out 
of the targeted 300 respondents, 75 valid responses were analysed. Statistical tools such as correlation analysis and 
linear regression were applied to assess the relationships between variables, including sense of capability, cultural 
influence, HR technology accessibility, data availability, risk framing strategy, ease of adoption and work performance 
enhancement. Results: The study found that six out of seven factors significantly influenced HR Analytics adoption. 
Work performance enhancement had the highest impact (Adjusted R² = 0.460, p < 0.05), followed by cultural influence 
(Adjusted R² = 0.307, p < 0.05) and HR technology accessibility (Adjusted R² = 0.258, p < 0.05). However, risk 
framing strategy showed no significant impact (p > 0.05). The study also confirmed that these factors are interrelated, 
highlighting the need for a comprehensive approach to HR Analytics implementation. Conclusion: The findings suggest 
that successful HR Analytics adoption in the Indian hospitality industry requires a multi-faceted approach, including 
employee training, leadership support, flexible work environments and investments in HR technology. Organizations 
must ensure that employees perceive HR Analytics as beneficial and easy to use, addressing concerns about data security 
and change resistance. Future research should explore the organizational-level adoption of HR Analytics and expand 
the sample size for broader insights.
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Introduction
Human Resource (HR) analytics is a rapidly growing 

field within the broader domain of data analytics, focusing 
on leveraging data-driven insights to optimize workforce 
performance. By applying analytical techniques to HR 
functions, organizations can enhance employee productivity, 
streamline talent management and ultimately achieve a 
higher return on investment (ROI) (Angrave et al., 2016). 
HR analytics serves as a crucial bridge between HR activities 
and their tangible outcomes, allowing businesses to evaluate 
the effectiveness of their HR strategies. The data collected 
through these analytical processes not only aids in strategic 
decision-making but also enables continuous monitoring and 
improvement of HR initiatives (Bassi, 2011).

The hospitality industry, known for its reliance on human 
capital, is particularly dependent on effective HR management. 
Skilled and motivated employees serve as a key differentiator 
in this highly competitive sector, where exceptional service 
quality directly impacts customer satisfaction and business 
success (Lochab et al., 2018). However, the hospitality 
industry is also characterized by a fast-paced, dynamic work 
environment, making HR challenges more pronounced. 
Issues such as high employee turnover, workforce mobility, 
job dissatisfaction and a growing preference for flexible work 
arrangements create significant hurdles for HR professionals 
in the sector (Aral et al., 2012). Moreover, with advancements 
in digital technologies, the role of HR analytics in hospitality 
has become increasingly important. Integrating HR analytics 
with advanced technologies like artificial intelligence (AI), 
machine learning (ML) and big data enables organizations to 
gain valuable insights into employee behaviour, performance 
trends and workforce requirements (Sousa, 2018). This data-
driven approach allows hospitality businesses to design 
targeted retention strategies, enhance employee engagement 
and foster a more sustainable work environment (Baesens et 
al., 2017).

Despite its potential advantages, the adoption of HR 
analytics in the Indian hospitality industry faces challenges, 
including resistance to change, limited awareness and data 
privacy concerns (Rasmussen & Ulrich, 2015). Understanding 
how change factors influence the acceptance of HR analytics 
among HR professionals in this sector is critical to fostering 
its successful implementation. This study aims to explore 
these change factors, identify barriers to adoption and provide 
insights into how HR analytics can be effectively leveraged 

to address workforce challenges in the hospitality industry.

Without a solid grasp of analytical thinking, HR 
analytics could have unintended negative consequences for 
HR professionals. As technology advances and the use of 
big data increases, businesses must adopt emerging tools. 
However, HR professionals often hesitate to embrace these 
technologies due to concerns about reducing human resources 
to mere metrics. Existing platforms such as Oracle’s Taleo 
Talent Management Suite and SAP’s Success Factors 
integrate HR databases into cloud-based warehouses. For 
HR analytics to be sustainable and cost-effective, a strategic 
approach is necessary - one that aligns HR data with broader 
business objectives (Angrave et al., 2016).

The three key factors—performance pay, information 
technology and HR analytics—conclude that these elements 
work best together rather than in isolation. As per study, 
which involves 189 firms, the companies implementing 
performance-based pay also utilize HR analytics and Human 
Capital Management software to enhance productivity (Aral et 
al., 2012). The growth trajectory of HR analytics, indicate that 
despite being introduced some time ago, it remains relatively 
new in many organizations. Key barriers to its expansion 
include competencies, mind-set, organizational readiness 
and maturity. If these challenges are addressed, HR analytics 
could significantly contribute to business value (Andersen, 
2017). Effective HR analytics must align with business 
goals and organizations should conduct test runs before 
full implementation (Baesens et al., 2017).  HR analytics’ 
evolution over three decades, position it as a structured 
process that enhances both individual and organizational 
performance. Despite its benefits, ethical dilemmas may 
arise as analytics advances. By identifying inefficiencies in 
resource allocation and budget utilization, HR analytics can 
reduce workload and optimize organizational profitability 
(Bassi, 2011).

Few studies examine the return on investment 
(ROI) from big data in HR analytics, revealing that many 
companies fail to achieve expected returns due to skill gaps, 
inappropriate technology selection and misalignment with 
business needs (Bertolucci, 2013). The evolution of business 
intelligence and analytics, outline three phases: its initial 
emergence, its current integration with web intelligence and 
its future potential. Today, web analytics plays a critical role 
across industries, including e-commerce and government 
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sectors (Chen et al., 2012). A previous study highlights how 
people analytics is expanding HR’s role within organizations. 
Through case studies, the study demonstrates how employee 
data aids strategic decision-making (Chen et al., 2012). A 
few literatures reveal the use of big data in law firms in the 
U.S., where it serves two main purposes: competitive rate 
comparison and talent acquisition. Law firms analyse big 
data to set fees based on market trends, while companies use 
it to evaluate outsourcing decisions and industry-wide salary 
structures (Dysart, 2013). Some studies argue that while 
advanced data analytics can provide a competitive edge, 
only a few companies have successfully implemented these 
strategies. Further research is needed to bridge gaps between 
business analytics and practical applications (Dod & Sharma, 
2012).

As per the study, there is an increasing demand for 
evidence-based HR practices. While high-performing 
companies leverage data-driven HR functions, excessive data 
accumulation often leads to inefficiencies, highlighting the 
need for streamlined data usage (Falletta, 2014). The adoption 
of analytics has led to reduced turnover rates and improved 
HR processes (Fink, 2010). HR departments have traditionally 
struggled to quantify their impact. However, modern tools 
now help HR leaders to establish connections between talent 
management and productivity. The rise of HR information 
systems has facilitated data-driven decision-making and 
improved HR cost reporting (Gardener, et al., 2011). Some 
studies how data analytics can enhance both non-profit and 
for-profit organizations. Despite its potential, the study finds 
a lack of scientific methods to integrate analytics effectively 
into HR functions. The authors highlighted the urgent need 
for further research in this area (Giacumo & Breman, 2016).  
Landaon-Murray (2016) explored the growing demand for 
data scientists in HR analytics. As HR analytics adoption 
increases, the role of data scientists becomes more critical, 
requiring a combination of technical expertise and ethical 
responsibility. 

Levenson (2005) differentiated between ROI, cost-
benefit analysis and impact analysis in HR analytics. The 
study suggested that while these financial metrics provide 
valuable insights, behavioural modelling is essential for 
informed strategic decision-making. Lochab et al. (2018) 
established a link between HR analytics and organizational 
performance. While existing literature focuses on business 
and data perspectives, the study emphasized the need for 

empirical research to explore how HR analytics bridges 
these domains. A study reported that while HR professionals 
recognize the value of analytics, the lack of necessary 
technology and organizational support hindered widespread 
adoption. Surprisingly, operations departments demonstrated 
the highest understanding of HR analytics due to their 
familiarity with quantitative data management (Presswire, 
2015). A study asserted that HR analytics has become integral 
to strategic HR planning. Given the dynamic business 
environment and intense competition, organizations must 
align HR strategies with long-term business objectives to 
gain a competitive edge (Momin & Kushendra, 2015). Few 
literature reviews investigate HR professionals’ perceptions of 
data analytics in talent management. Based on feedback from 
20 participants, the study identified key concerns, including 
profitability, challenges in implementation, required training 
and organizational motivation for adoption (Smith Jr, 2018).

HR analytics can serve as a competitive advantage by 
optimizing human capital management. They stress the 
importance of selecting the “best fit” analytical software 
to enhance both productivity and employee morale 
(Soundararajan & Singh, 2017). HR analytics practices in 
Fortune 1000 companies, show that high-performing firms 
leverage analytics to influence strategic decision-making. 
The study underscores HR’s transition from a secondary 
function to a core business process (Spahic, 2015). There is a 
difference between HR metrics and HR analytics, describing 
the latter as a future-oriented approach crucial for strategic 
decision-making. Predictive models are expected to play a 
significant role in shaping HR functions (Sousa, 2018). HR 
analytics, in its current form, risks becoming a management 
fad rather than a valuable business tool. To succeed, HR 
analytics must integrate with broader business analytics and 
focus on addressing real business challenges (Rasmussen & 
Ulrich, 2015). A study identified several factors influencing 
HR analytics adoption, including perceived capability, 
cultural influence, technological accessibility, data 
availability, risk perception and ease of use. The study also 
emphasized the role of organizational support, training and 
a learning-oriented work environment in driving adoption 
(Vargas, 2015).

The existing body of literature on Human Resource (HR) 
Analytics primarily revolves around descriptive analyses 
and theoretical frameworks, with limited empirical evidence 
specifically addressing its adoption in the Indian hospitality 
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sector. While previous studies have explored the impact of 
change at an institutional level, a significant gap remained 
in understanding how the individual employees perceive and 
respond to such transformations. A deeper examination of 
change management theories suggests that several factors 
influence the individual acceptance of change. These include 
the sense of capability among employees to adapt to new 
systems; Cultural Influence being put on the employees by 
their peers and superiors; whether the organisation that they 
are working for provide them with appropriate tools to work 
with; does the work environment permit access to required 
data; does the organisation force its employee to adapt 
such change; what was expected out of this adaption by the 
employees and does that differ from the reality of the change 
both in terms of effort and performance. Given the dynamic 
and labour-intensive nature of the hospitality industry, where 
workforce management is crucial, these factors may play 
a critical role in determining the adoption of HR Analytics 
by employees. The industry’s high employee turnover, need 
for personalized HR solutions and growing reliance on data-
driven decision-making further amplify the importance of 
understanding these change determinants at an individual 
level. This study seeks to address this gap by examining the 
influence of key change factors on employees’ acceptance 
and adoption of HR analytics in hospitality organizations. 
By focusing on individual perceptions and responses to HR 
Analytics adoption, this study seeks to provide actionable 
insights for organizations looking to implement HR 
Analytics effectively while ensuring employee acceptance 
and engagement.

Objectives 
• To analyse how various change factors influence 

the acceptance of HR Analytics among HR 
professionals in the Indian hospitality sector.

• To evaluate the extent to which HR Analytics is 
adopted within the Indian hospitality industry.

Methodology
Research Design: This study employed a quantitative 
research design to analyze the adoption of HR Analytics 
among HR professionals in the Indian hospitality sector. 
The study is descriptive and explanatory in nature, aiming 
to identify key change factors influencing HR Analytics 
adoption and assess their relationships through statistical 
modelling. 

Locale: The study was conducted within the Indian 
hospitality industry across the country, focusing mainly on the 
metro cities such as Delhi, Mumbai, Bangalore and Kolkata 
encompassing various segments, including hotels, resorts and 
other tourism-related businesses. The geographical coverage 
included multiple locations across India, ensuring a diverse 
representation of HR professionals working in different 
organizational settings. Given the increasing reliance on data-
driven decision-making in hospitality, this sector presents an 
ideal environment for assessing HR Analytics adoption.

Sampling Design: A non-probability sampling method, 
specifically snowball sampling, was employed to identify 
respondents. The initial participants were HR professionals 
from the Indian hospitality sector, who then referred others 
within their professional networks. The study aimed to gather 
responses from 300 HR professionals across different levels, 
including interns, operational staff, managers and executives. 
However, 75 valid responses were received and analysed. 
The sample included HR professionals with varying years of 
experience and expertise in functional areas such as training 
and development, employee relations, management, talent 
acquisition and business HR partnerships.

Tools and Technique: The questionnaire was distributed 
via Google Form to ensure ease of access and broad 
participation. The study employed a structured questionnaire 
as the primary data collection tool, designed to capture HR 
professionals’ perspectives on HR Analytics adoption. The 
questionnaire comprised three key sections: demographic 
information, HR Analytics adoption factors and acceptance 
level of HR Analytics. The demographic section collected 
data on respondents’ age, education level, job position, years 
of experience and organization size. The adoption factors 
were measured using Likert-Scale questions assessing key 
variables such as Sense of Capability, Cultural Influence, 
HR Technology Accessibility, Data Accessibility, Risk 
Framing Strategy, Ease of Adoption and Work Performance 
Enhancement. The final section evaluated respondents’ 
willingness to integrate HR Analytics into decision-making 
processes. 

Data Analysis and Statistical Analysis: The study 
focused on individual perceptions regarding HR Analytics, 
considering factors such as sense of capability, cultural 
influence, HR technology accessibility, data availability, risk 
framing strategy, ease of adoption and work performance 
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enhancement. The collected data was analysed using 
statistical tools to identify patterns and relationships among 
variables. The collected data was analyzed using statistical 
tools to identify patterns and relationships among variables. 
Descriptive statistics were applied to summarize respondents’ 
demographic characteristics, while reliability analysis using 
Cronbach’s alpha (0.891) ensured the internal consistency 
of the questionnaire. Pearson’s correlation analysis was 
conducted to examine the relationships between independent 
variables and HR Analytics adoption, followed by linear 
regression analysis to assess the impact of change factors on 
the acceptance level of HR Analytics.

Hypothesis
H01: The independent variables are distinct from one another 
and do not exhibit any significant relationship between each 
other.

H02: There is no linear relationship between Sense of 
Capability, Cultural Influence, HR Technology Accessibility, 
Data Accessibility, Risk Framing Strategy, Ease of Adoption 
and Work Performance Enhancement with the Acceptance 
Level of HR Analytics among individuals in an organization.

Results and Discussion
Reliability Test: The Cronbach’s alpha value of 0.891 
indicates a high level of internal consistency and reliability, 
confirming that the measures used in the study are dependable.

Table 1: Demographic profile of the respondents
Category Percentage (%) Number of Respon-

dents
Age   

18-24 45 34

25-30 33 25

31-35 12 9

36-40 9 7

 75

Level of Education   

Graduate 45 34

Post Graduate 51 38

Doctorate 4 3

 75

Current Position   

Interns/Trainees 13 10

Operational level 33 25

Managerial level 33 25

Executive Level 20 15

 75

Functional Area   

Training & Develop-
ment

47 35

Employee Relations 13 10

Management 16 12

Talent Management 8 6

Talent Acquisition 9 7

Business HR Partners 4 3

Freelance Content 
Developer

1 1

Employee Experience 1 1

 75

Experience with Cur-
rent Employer

  

Less than 1 Year 37 28

1-5 Years 47 35

6-10 Years 9 7

More than 10 Years 7 5

 75

Experience in Human 
Resources

  

Less than 1 Year 40 30

1-5 Years 35 26

6-10 Years 19 14

More than 10  Years 7 5

 75

Number of Employees 
in Organization

  

Less than 100 47 35

100-200 37 28

200-500 13 10

Mora than 500 3 2

 75

Demographic Analysis of the Respondents: Out of the 
75 respondents, 45% were in the 18-24 years’ age group, 
representing a relatively younger segment. A further 33% fell 
within the 25-30 age category. Nine respondents belonged to 
the 31-35 age group, while the remaining seven were between 
36-40 years old. Regarding educational background, 45% of 
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participants were graduate, while a larger share, 51%, had 
completed a Master’s degree. Additionally, three respondents 
had earned a Doctorate. Among the 75 participants, 13% 
were interns or trainees. A total of 33% were engaged in 
operational-level roles, handling various HR-related tasks 
daily. Another 33% were employed as specialists or generalists 
at the managerial level, demonstrating expertise in specific 
HR functions. The remaining 20% held executive-level 
positions. The largest share of respondents (47%) worked in 
training and development. Additionally, 10 individuals were 
from employee relations, while 12 were from management. 
Talent management and talent acquisition accounted for 9% 
and 7%, respectively. Furthermore, three respondents worked 
as Business HR Partners, while one was a freelance content 
developer and another specialized in employee experience. 
When considering tenure with their current organization, 
37% of respondents had been employed for less than a year. 
The majority, 47%, had been working for one to five years. 
Seven respondents had over six years of experience, while 
five had been in the organization for more than a decade. A 
total of 40% of respondents had less than a year of experience 
in human resources. Twenty-six individuals had been in the 
field for one to five years. Meanwhile, 19% had six to ten 
years of experience and 7% had been working in HR for 
more than ten years. Regarding organizational size, 47% 
of respondents worked in companies with fewer than 100 
employees. Another 37% were employed in organizations 
with 100-200 staff members. Additionally, 13% worked in 
companies with 200-500 employees, while 3% were part of 
larger organizations with over 500 employees.

Table 2: Pearson’s Correlations amongst Variables
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Capabil-
ity

1        

Cultural 
Influ-
ence

0.681 1       

HR 
Tech-
nology 
accessi-
bility

0.528 0.712 1      

Data 
accessi-
bility

0.509 0.625 0.556 1     

Risk 
Framing 
Strategy

0.412 0.342 0.334 0.416 1    

Ease of 
Adop-
tion

0.359 0.424 0.625 0.616 0.225 1   

Work 
Perfor-
mance 
En-
hance-
ment

0.551 0.705 0.536 0.715 0.289 0.598 1  

Accep-
tance 
Level

0.341 0.556 0.521 0.555 0.214 0.519 0.628 1

Acceptance Level of HR Analytics: The relationship  
between change factors affecting individuals and the 
Acceptance Level of HR Analytics was analysed. Table 2 
presents the correlation coefficients between all the variables. 
While most relationships were statistically significant, 
their strengths varied. Notably, all correlations were 
positive, indicating that a change in one variable directly 
influences another. These relationships were also found to 
be symmetrical in nature. However, the correlation between 
Risk Framing Strategy, Ease of Adoption, Work Performance 
Enhancement and Acceptance Level had a significance level 
greater than 0.05. As a result, the null hypothesis (H01) is 
retained in this case, suggesting that these specific variables 
operate independently of some others. Despite this, the 
analysis confirmed that independent variables are not entirely 
isolated but maintain significant relationships with other 
factors. Consequently, the null hypothesis (H01) is rejected 
in the broader context, as relationships between independent 
variables have been established.

Table 3: Linear Regression of Variables against Level of 
Adoption

Factors of Change Adjusted R Square Significance

Sense of Capability 0.112 0.010

Social influence 0.307 0.000

PUSA Journal of Hospitality and Applied Sciences, 2025; 11(1) : 56-64 
ISSN 2395-020X (P); e-ISSN 2583-2700 (O)  
NAAS Score: 3.49  



| 62 |

Tool availability 0.258 0.000

Data availability 0.306 0.117

Risk Framing 
Strategy

0.031 0.000

Ease of Adoption 0.253 0.000

Work Performance 
Enhancement

0.460 0.000

Level of adoption: The adjusted R-squared value for Sense 
of Capability is 0.112, indicating that this predictor explains 
11.2% of the variance in Acceptance Level. The observed 
significance level (p-value) is 0.010, suggesting a statistically 
significant relationship. For Cultural Influence, the adjusted 
R-squared value is 0.307, meaning it accounts for 30.7% 
of the variance in Acceptance Level. The significance level 
is below 0.05, confirming its statistical significance. The 
adjusted R-squared value for HR Technology Accessibility 
is 0.258, signifying that it explains 25.8% of the variance in 
Acceptance Level. The significance level is also below 0.05, 
indicating a significant impact. Similarly, Data Accessibility 
has an adjusted R-squared value of 0.306, showing that it 
accounts for 30.6% of the variance in Acceptance Level, with 
a significance level below 0.05, confirming its relevance. 
For Risk Framing Strategy, the adjusted R-squared value is 
0.031, indicating that it explains only 3.1% of the variance 
in Acceptance Level. With a significance level of 0.117, 
this predictor is not statistically significant. The adjusted 
R-squared value for Ease of Adoption is 0.253, meaning it 
accounts for 25.3% of the variance in Acceptance Level. 
The significance level is below 0.05, confirming a significant 
relationship. Lastly, Work Performance Enhancement has the 
highest adjusted R-squared value of 0.460, explaining 46.0% 
of the variance in Acceptance Level. With a significance 
level below 0.05, it is a strong predictor.

These findings lead to the rejection of the null hypothesis 
(H02), which posited no linear relationship between 
Acceptance Level and the predictor variables (Sense of 
Capability, Cultural Influence, HR Technology Accessibility, 
Data Accessibility, Ease of Adoption and Work Performance 
Enhancement). Instead, the alternative hypothesis is 
accepted, affirming the existence of a significant linear 
relationship between these factors and the Acceptance Level 
of HR Analytics in organizations. However, for Risk Framing 

Strategy, the null hypothesis is retained due to its significance 
level exceeding 0.05, indicating an insignificant impact.

Conclusion 
Both hypotheses were rejected, leading to the acceptance 

of their corresponding alternate hypotheses. Initially, it was 
assumed that the independent variables were unrelated; 
however, this assumption was disproven as a relationship 
among them was established. Consequently, for change to be 
effectively implemented, multiple factors must be addressed 
simultaneously. The primary aim of this study was to determine 
whether the identified change factors genuinely influence 
individuals’ adoption of HR Analytics. The findings indicate 
that six out of the seven considered factors significantly 
impact this adoption. These factors include employees’ 
Sense of capability, the cultural influence of colleagues, 
the availability of necessary tools, access to relevant data, 
employees’ ease of adoption and their expectations regarding 
performance outcomes. The study successfully identifies 
key factors influencing the adoption of HR Analytics. These 
factors can be strategically addressed to either promote or 
limit its adoption within an organization. Since employees 
are the foundation of organizational change, it is essential to 
consider the various elements that shape their behavior in the 
workplace to drive meaningful transformation.

To enhance the adoption of changes such as implementing 
HR Analytics in an organization, the following strategies can 
be considered- Employee Training: Providing employees 
with relevant training can boost their confidence and enhance 
their sense of capability. Leadership Support: Superiors 
should lead by example and use verbal encouragement 
to strengthen employees’ belief in their abilities. Flexible 
Work Environment: Cultivating a workplace culture that 
embraces change will foster a mind-set where employees are 
more receptive to new initiatives. Infrastructure Investment: 
Organizations must allocate appropriate resources to 
develop the necessary infrastructure and solutions for HR 
Analytics. Best Fit Approach: Instead of adopting generic 
“best practices,” organizations should tailor HR Analytics 
solutions to align with their unique needs and structure. Data 
Availability: A structured data-gathering process should be 
implemented, along with proper storage facilities, to ensure 
that employees have access to relevant data. Data Sharing 
Policy: Strict privacy policies that restrict data sharing may 
hinder adoption. Organizations should enable responsible 
data access for employees to utilize analytics effectively. 
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Incentivizing Change: Through verbal encouragement, 
training, or incentives, employees should be made to perceive 
that their efforts are worthwhile, ensuring that the rewards 
and performance expectations align with their contributions.

The prospects for future research in this field include- 
Organizational Adoption of Change: This study primarily 
focuses on individual adoption; however, future research 
can explore how organizations, as a whole, adapt to 
change alongside employees. Multiple regression analysis 
can be used to examine this aspect. Application to other 
Organizational Changes: The identified change factors are 
not exclusive to HR Analytics adoption. Similar studies 
can be conducted on other organizational transformations 
to assess their impact. Employee Behavioural Aspects: This 
study does not delve into employees’ behavioural responses 
to change. Future research can investigate how employees 
react and adapt to such transitions in their work environment. 
Replication for Organizational Development: This research 
can be replicated in organizations undergoing development 
initiatives, helping them identify stress points and implement 
appropriate strategies. Expanding the Study Scope: The 
current study had a limited sample size. Conducting a more 
extensive study can provide deeper insights and more reliable 
results. 

Limitations of the study were- Time Constraint: Since HR 
personnel were the primary data sources, their busy schedules 
limited their availability for interviews and questionnaire 
responses. As a result, conducting a highly detailed study 
was not feasible. Personal Reluctance: HR professionals may 
have been hesitant to share personal details about themselves 
or their organizations. This reluctance made it challenging to 
gather information, as finding willing participants required 
significant effort. 
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